Characterization of Tumor Infiltrating Dendritic Cells at the Single Cell Level
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Introduction Classifier for DCs: Training Set DC Abundance and CD40 Expression Across Tumors:

To obtain training data, multiple publicly available scRNA-Seq datasets were analyzed and annotated manually using the principle
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CD40 is an attractive target for cancer immunotherapy due to its central role in dendritic cell activation and subsequent T cell
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